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Using Lasso Penalty to Determine the Most Important Factors Affecting the Forty Visit
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Abstract

The 40" visit was considered as the most important and largest human collection, because the number of
visitors were coming to Holy Kerbala from inside and outside of Iraq was more than the number of holy Kerbala
citizens ten times. Consequently, providing the services with high level for this collection was a challenge for the
community which is responsible of this visit. There are many factors affecting these services, thus the goal of this
paper was to determine the most important factors affecting these services. To achieve this goal LASSO penalty was
used to study and analysis group of factors were believed that the more affecting for these services. The results of
study and analysis of ten factors show that the first and the most important factor is the number of Almowkeb
alhussainiah where has the largest level of penalty, then the second factor was the number of the people working in
the welcoming the visitors, and so on the other factors as we will see in the result of this research.
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Variable | (£) LASSO t-value Penalty | (8) BLASSO t-value Penalty | Important
x1 1.57689 13.5697 1.9971 1.2344 17.3556 1.9075 7
X2 0.78966 8.78543 0.1225 0.2556 9.46444 0.1123 8
x3 4.78666 22.4366 2.0071 5.9077 25.8966 2.1078 4
x4 5.7886 31.3688 2.9999 5.5565 32.4642 2.9766 3
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