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Using the lasso penalty to determine the most important services

affecting the fourteen visits
Shorouk Abdel Reda Al-Sabbah
Mahdi Wahab Nasrallah

Maryam Sadiq Kazem

In this research¢ the principle of the Pisi Lasso penalty and
the usual Lasso penalty.were used as methods for organizing and
selecting variables to determine the best of them. A number of
variables have been taken into account that may affect the level

of services provided as an approved variable during the 40th
visit: (X1 number of ambulances< X2 medical detachments¢ X3
pls hospitals« X4 mechanisms¢ X5 buses transporting visitors¢< X6
waste containers¢« X7 guest human staff< X8 available fuel¢

X9 mobile electric power plants X10 Husseini processions)
and reached that the way of punishment for the peso is better than
the penalty method Lasso is contagious

because it recorded the lowest average error boxes and morale
of the two models as shown by the calculated F value and the value
of Sig. . . The two methods reduced only two separate variabless
the x5 and the x6 variablec and made these variables highly
unconseected as services provided during the 40th visit. We note
that the penalty method of Lasso Albizi scored the lowest average
foul boxes of the Lasso penalty method and that the Lasso penalty
method and the penalty method of Lasso Albizi have reduced the
same independent variables (X5¢ X6). The importance of the

variables was determined by the framework ...

: Lasso penalty - Bayesian theory - the forty visit -
the services of the forty visit - the penalty parameter
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